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Analysis of emotion 

Def. Emotion Analysis is a process that aims 
to detect and recognize types of feelings 
through the expression of texts, such as 
anger, disgust, fear, joy, sadness and 
surprise. It can have useful applications, 
such as: measuring the happiness of our 
citizens or the experience of a customer.

Plutchik’ wheels of emotions
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Background – We and fasttext02

Joulin, Grave, Bojanowski, & Mikolov, T. (2016). 



Machine learning process03
Öhman et al. (2020)

Joulin et al. (2016)

XED available from

https://github.com/Helsinki-NLP/XED



Preliminary results

Joy Surprise fear anger sadness disgust anticipation trust

P@ R@ f1 P@ R@ f1 P@ R@ f1 P@ R@ f1 P@ R@ f1 P@ R@ f1 P@ R@ f1 P@ R@ f1

0.34 0.46 0.27 0.26 0.33 0.21 0.16 0.21 0.12 0.45 0.43 0.46 0.27 0.33 0.22 0.19 0.32 0.13 0.37 0.43 0.33 0.25 0.39 0.19

P@: Precision
R@: Recall
F1: F-measure
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Integrated tool – fastText embedding

Spanish version
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Integrated tool – preprocessing module 0404



Integrated tool – similarity example 04
$ ./fasttext similarity result/fil9.bin  #command line
Pre-computing word vectors... done.

Query word? Asparagus

beetroot 0.812384
tomato 0.806688
horseradish 0.805928
spinach 0.801483
licorice 0.791697
lingonberries 0.781507
asparagales 0.780756
lingonberry 0.778534
celery 0.774529
beets 0.773984
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Integrated tool – similarity & analogy module 
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Integrated tool – analogy example 04
$ ./fasttext analogies result/fil9.bin  #command line
Pre-computing word vectors... done.
Query triplet (A - B + C)? berlin germany france

paris 0.896462
bourges 0.768954
louveciennes 0.765569
toulouse 0.761916
valenciennes 0.760251
montpellier 0.752747
strasbourg 0.744487
meudon 0.74143
bordeaux 0.740635
pigneaux 0.736122

Germany is a Berlin as

France is to prediction

B A

c
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Integrated tool – similarity & analogy module 

B is to A as C is to prediction

Chile is to Bachelet as Brasil is 
to prediction

Chile is to Bachelet as Brasil is 
to Dilma

04



Integrated tool – analysis of motions module
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Evaluation of integrated tool

Preprocessing S & A
Analysis of 
Emotion

Performance 93%

Accesibility

Best Practices

SEO 92%

96%

89%

100%

100%

96%

90%

100%

100%100%

87%

by Google lighthouse
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Conclusions and future work

o Both the API for text preprocessing and the web application for analysis of
emotions based on fastText are available in GITHub repository.

o It would be of interest to create a web browser extension to provide feedback on
the predominant emotions in the text that a user writes or to hide comments or
news articles in which negative emotions predominate.

o Another aspect that could be incorporated into future work would be how a
recommendation system could be nourished from the results of the similarity
module and analogies such as the analysis of emotions.
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any questions?
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